MELODY MODELLING WITH NEURAL NETS
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INTRODUCTION MULTIPLE VIEWPOINTS REPRESENTATION OF MELODY |[2]

Learning sequential information in e An event-based representation of music.

Melodies. o Viewpoint type (feature) sequences extracted from score.

Working with symbolic music data
(MIDI, GP4, etc.).
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Neural networks predict probability of

the pitch of a note given information

about the preceding notes. Viewpﬂiﬂt TI‘&Ile(JI‘med Sequeﬂ(}e
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PREDICTION MODELS
EVALUATION

O OO0 --Oh e Evaluated using cross entropy on 185 Bach chorales (total 9224 notes).
/' U i\é e Models compared with variable order Markov Models [4].
X[O OO0 Oj] O Qv e Each model performs better than VOMM for a context length of 1.
(a) Restricted Boltzmann Machine [3] e Feed-forward networks with more layers perform worse.
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(b) Feed-forward Neural Network [5] &
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FUTURE WORK

(¢) Neural Probabilistic Language Model [1] e Best way to represent missing values in context.

e Unbounded context models - recurrent neural networks.

e Input: Concatenated one-hot vectors
e Adapting predictions by learning as melody progresses.

e Hidden: logsig or tanh units
e Representing polyphony with multiple viewpoints.

e Output: Softmax
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